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mobilité urbaine. PhD thesis, University of Sophia-Antipolis, Nice (France)
and Politecnico di Milano (Italy), 2004. Published by Chambre de Commerce
Italienne de Nice, 2 volumes + CD-ROM.

[170] S. Gabriel, S. Schaffner, H. Nguyen, J. Moore, J. Roy, B. Blumenstiel,
J. Higgins, M. DeFelice, A. Lochner, M. Faggart, S. N. Liu-Cordero,
C. Rotimi, A. Adeyemo, R. Cooper, R. Ward, E. Lander, M. Daly, and
D. Altshuler. The structure of haplotype blocks in the human genome. Sci-
ence, 296, 2002.

[171] M. Gaeta, M. Marsella, S. Miranda, and S. Salerno. Using neural networks
for wine identification. In Proceedings from IEEE International Joint Sym-
posia on Intelligence and Systems, Washington DC, pages 418–421, IEEE
Computer Society, 1998.



BIBLIOGRAPHY 399

[172] S. Galan, F. Aguado, F. J. Dı́ez, and J. Mira. NasoNet: joining Bayesian
networks and time to model nasopharyngeal cancer spread. In S. Quaglini,
P. Barahona, and S. Andreassen, editors, Artificial Intelligence in Medicine,
Lecture Notes in Computer Science Subseries, LNAI 2101, pages 207–216.
Springer-Verlag, Heidelberg, 2001.

[173] P. Garbolino. Explaining relevance. Cardozo Law Review, 22:1503–1521,
2001.

[174] P. Garbolino and F. Taroni. Evaluation of scientific evidence using Bayesian
networks. Forensic Science International, 125:149–155, 2002.

[175] M. Garcı́a, M. Aleixandre, J. Gutiérrez, and M. Horrillo. Electronic nose for
wine discrimination. Sensors and Actuators B: Chemical, 113(2):911–916,
February 2006.

[176] J. Gardner and P. Bartlett. A brief history of electronic noses. Sensors and
Actuators B: Chemical, 18(1–3):210–211, March 1994.

[177] G. G. Gavetti and D. D. Levinthal. Looking forward and looking back-
ward: Cognitive and experiential search. Administrative Science Quarterly,
45(1):113–137, 2000.

[178] D. Geiger and D. Heckerman. Knowledge representation and inference
in similarity networks and Bayesian multinets. Artificial Intelligence,
82(1–2):45–74, 1996.

[179] D. Geiger and D. Heckerman. A characterization of Dirichlet distributions
through local and global independence. Annals of Statistics, 25:1344–1368,
1997.

[180] J. Gemela. Financial analysis using Bayesian networks. Applied Stochastic
Models in Business and Industry, 17:57–67, 2001.

[181] Geological Survey of India. Total intensity aeromagnetic map and map
showing the magnetic zones of the Aravalli region, southern Rajasthan and
northwestern Gujarat, India, 1981. Hyderabad, India, 4 sheets (1:250 000).
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V. Herves, and A. Wasilewska. Bayesian network multi-classifiers for pro-
tein secondary structure prediction. Artificial Intelligence in Medicine,
31:117–136, 2004.

[400] Rockit. Roc analysis, 2004. Available from: http://xray.
bsd.uchicago.edu/cgi-bin/roc\_software.cgi [Accessed 9
September 2004].
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